Multivoxel pattern analyses of brain structure to classify dyslexia
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Summary

* Previous research has shown inconsistent
results on neuroanatomical differences
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Data preprocessing

 Each subject’'s T1 image was segmented into
gray matter, white matter and CSF; then the
GMD and WMD were calculated, all using
Atropos in ANTs.

* Each subject's GMD and WMD maps
parcellated using Freesurfer.

« Mean GMD and WMD within each parcel was
calculated.

» Parcellated GMD and WMD maps were

Inner loop: parameter tuning
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* There was no significant difference in GMD
or WMD between control and dyslexic groups.
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Discussion

* No significant difference was found in GMD or
WMD between control and dyslexia groups.

* Alarge number of subjects and multiple different
approaches are necessary to explore
neuroanatomical difference between control and
dyslexia groups.

* The results suggest no evidence that dyslexia is
characterized by macro-morphological features of
the whole brain.

* This is a preliminary study of a larger future study
involving more than 1000 brains.
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