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Background and Motivation

Mammalian Strains Standard Deviation

H3N2

* The glycosylation on IAV changes as the virus
mutates

Quality Score Methods

* @lycans can shield antigenic sites on IAV so that the ;4
body cannot recognize them any more

Preliminary Analysis- Power Estimate

* Previously, there has been no good way to assess the
similarity between two sets of flu strains’
glycoproteomic data

Conclusions and Future Work

Power analysis to see how many replicates are
needed to get a good result

margin of error
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) Weé)rccl)p ose a function t;) determing the data quality Tate, M.D., et al, Viruses (2014) Answer: about 30 e Used Jaccard and Tanimoto methods to assess data similarity
needed to compare two datasets Glycosylation (yellow) on the | ' ' | 4 : .
prgteinycoat 5 f(I§3N2 \),irus “train : 20 #oﬁeptates 0 * Implemented quality scores in a known example and found batch effects
changes over time Score Development * Assessed Relationships between quality scores and similarity differences
To develop the score, we analyzed the data output from GlycReSoft and decided In the Future:
Quality score used Mass spectrometer whether an increase in the data should result 1n an increase or decrease 1n score

to determine data Digest sample Sample goes into

* Implement score in GlycReSoft output pipeline

- e T —— fuftheflbfe?ks up * Log terms were added based on whether a variable might be affecting the score | o . .
process HHOICCHIES too greatly * Improve data quality using improved conditions from the quality score
p * Use the score to help spot hidden variabilities in glycoproteomic assessment
Number of replicates (N) * Score increases methods
E - * Compare many different strains of IAV and examine similarity to increase understanding
Missing values (mv%) e Score decreases of IAV glycosylation and improve flu vaccines
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