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Preliminary results

Figure 3. Prototype land cover Figure 5. Cumulative number of

models/change segments detected
by CCDC from 2000-2018 at 30m.

classification for the continental United
States for the year 2010 at 1 km.

Figure 4. Examples illustrating spatial detail at 30m. Upper image:
high resolution imagery from Google Earth for 2010. Lower image:
corresponding GLancE land cover classification (legend in Table 1)

A) Irrigated agriculture and suburbs near Fort Collins, Colorado.

CCDC Times Series Viewer
Google Earth Engine App

B) Suburbs and small airport near Lexington, Massachusetts.
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